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Condtitutional Discusson of Predictive Policing

0| & T Lee, Byeong Gyu)*

ABSTRACT

This paper has recently dedlt with the condtitutional perspective of predictive policing in the course
of the change of police work due to the remarkable development of information and communication
technology(ICT). Especidly, | wondered how big daa is used in the police law enforcement and
crime prevention and there is no conditutiona problem in it.

In the first place, we examined the US case of how palicing is used in police afars. The locd
predicted data using data such as crime location and time, and the persond forecasting security by
the interpersond target system. Then, we examined whether the predictive security based on these big
data infringed the individua fundamentd rights. For example, applying the results obtained by data
mining to individuds, that is, usng data mining results to derive the nature or trend of a particular
individud, infringes on the basc rights of the individud.

Findly, when predictive polices were introduced and carried out usng these big data, we
considered what congtitutionad problems are and how to control them. The gpplication of data mining
results to individuas needs to edtablish effective control methods such as individua and collective
consent because they involve issues rdaed to conditutiond principles that respect individuas beyond
smple persond informetion protection concerns.

Key words predictive policing, ICT, big data, data mining, conditution, personad information
protection
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I. A2

A a4 @zt g AREler AgsEs =94 WAl ‘AR (Information
revolution) -2 ©JA4] M2 GAY] Hoj& ZeZ HAtk2 1970 dd] A= AKIntel)e] v}
o] &= Z M| A (microprocessor) N3} A0 93 AXFsE(the power to compute)?]
FFHANNGDA), HES =3t} 210 o3 947259 (the power to connect)®] FFHAN2TA)
of ol Az Wzt & & Atk AL HlolE(data)$t AlS-sH(the power to
predict)®] gdel o3k Ao =2 1 ZA|Z ‘H] dlolH &9 (Big Date Revolution) ©]2kal s}
+ AR Hgletal & ¢ ok ol o3 HlolH, &, ox, £ WA, H oS,
Aol HQRS EgHst nE QI &3 A o] ¥ dlo|H | 2%k o|Z(predictions) - 25
B G2 B ok o]#d @il o uf o] AdE FEdk= A4l 7eE stedoiyt
AZES o7} ofe} HolElghs 2 F5E Q7 k. 25d o= EoklAuy 5%
She 4xF AR EH S oldd ARFAVEY HEH AARAGL & 5 Uth

ARFA7]Ee] vlokd e A JF FHole AR e WEE 7P ea itk o]
n] AR 7o M= AFA5(Artificial Intelligence, Al) 7]&& 283 8] dlolg] ZHE
< B8l ARG AALE dSsta WAshe ZRAET} X8 Folt) v|x A7kl AL A
20179 RE HE A5 A2EE EYeiA ARty Al 2 7] AR, ERL A9
A, A HE dolHe] B4 Al HEVF dAleke AT 7Ee EE3th o] 13
of whe} WME7} BT ThsAo] 2 AYGES FAIBIA ARA vE] dHETD Y& U
Wiekd AEe ATE o] 83 A2 T4 Al2E =94 HESHL ok & |3v Al
TS dSete] AR HE o] 83tk AIYeE 20209 =253 AellE

1) AR7|&e] o) 93] ARSI AY&o] HEsh= Ao Z AR 7]|<E(Information Technology, 1T)3+2]
AR OZRE TTEH olgtal F27|5 gt} o] ol P79 Hsxfo|x} mf2 3Tl &
HA(John Desmond Bernal)©] nFE I 22F9]9] HFoA HLo0F ALRPA T 2 5o A= HI)
2 g2 g9ddA dy] A= 8ol2 Atk http://www.keiei.ne.jp/keyword/2764/).

2) Neil M. Richards and Jonathan H. King, Big Data Ethics, 49 Wake Forest L. REV. 393, 397(2014).

3) Id. at 393. HZ o213 S 4zt 448 (The Fourth Industrial Revolution)' ©]2tal 3w shH A
o] goje] HMFof|A oldlst= Akl Utk FVI71ES 13l A7 1Es 23k ARy AssE 3AF 4
dEHe=E By AUl o3 BE 7717 Ak GAIE 43 g EHolgta RED: 431 A
e 2 AXYES FAHSE AELRIEY(Internet of Things, IoT)Ol‘/} AFASS =Yt A&

- A - AEFHOE Az FARoY FE BYE st AuvA HoF 5 3 A2 A 1
Sle HXEZ e ASE dile 59 A9 R %%EEZ‘LE—E F318 A sstel Jid
Ql ‘Industry 4.0 AAgCE webA] 431 AFEHE-S AREY] 153 YA = A2 GAZEY
o‘—i E T A& Aotk 43 4 g g Ao disteE AYE, “XFols 43 4AHEy

R ZH HalloF’, STARTUP4, 2018. 10. 12 =

4) 7:‘.5}%, 47} Qi3 glolg 71 AA, Ao ICTAHA Vol 06, L2Alofrt)o] A4, 2017, 3.
499,

5) OAEERIZ, 2019. 1. 20.
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olof Ear= ZZe] Hysoly MF oY G =S 250 A7|A H] HlolE7} of
QA o]&E=X], 53] ol HAE & dHloly wmloldd} I AHE — o]Enl oF ¢t
(predictive policing) — ¢ @HA EA)S 123t} ojn| th49] =x}= 4] HloJgr} th
oS Fel= 7 =Aboll £ 2] MBKdramatic change)E 7P A9 olgkal 3h10) o]s}
oM ZAZe] B dloly o8] FAF HHEE Avlstal, 410 o' HollA AHEEE
A% W3S 7S & A, T3 ojzlo] AYACE o9 wAIE & UAeA — &
A IR BER GO AT MAYS=A] 5 — FHESta, Az o3t ¥ HoJE] o]§ WA
tlolE] wlold A& ol g FAg A WH-ES AR

d o] A9 FAE EAsL dFE Ao AR AEEE
< st & ¢ ok 1y dess A dYoXE ARSA7IEICT: Information

6) pERE=2—2, 2018. 1. 29.

7)ICT €% 5% ARBANAZSTY, 2018, 2. 189 |3} A,

8) H71A Hot ZEA QoA o= dHol A F 3 AHY dAE OE]E oJHth
oh-dze] AHA adolAe HTL A=vh kYR, Ik A W, AE 9F A
T 7 A G994 vAE ARES EI8] o] HEY =95 e T gtk

9) Elizabeth E. Joh, Policing by Numbers: Big Data and the Fourth Amendment, 8 Wash. L. Rev.
35, 37 (2014); AT} 42} AFdEmgo] WA vA F3F 4, HEAE, 2017. 4. 21

10) @A AZEHo] & S 4 vlolf AzHdle FAAHEZHFAHBAZR(KICS), 24} v 2] A| 2=H)
(IDS), A& Z23UYA2=8(GeoPros) 5ol Jom, =9 o782 Alz=Hlol= 4] Hlolg 7|5k ¥
FEA A"l CCTV F3A4 158 9 Ade] 7s, 2ntE AsPA 28 Fo] Ut 53
S3l= 4] dlojE] Z)Rke] e Mz B4 223391 ‘FR(CLUE)E AlH 9T ogo|thX]HA
AATF L, “2HEXRIAFAE 72T A7, 2016, 12, 43-460 FX).
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and Communication Technology)< €83t #eh% A 7|%23 o HRE Tt W
FHub Akal @A 7FsAdo]l =2 AREY A9

I, B ARES Hlde] BAIE] /g 159 BE E-S ek Zlo] rhsdlE AR
7Y olstollAlE o]2fdt ICT 7es E83 v dF X8t AlEE AuEch

ZdZo] M) HlolHE o|&3 AHE vl= Az ol F AEIEFEIREEY oS X|QF
IZAES S 4 Utk 2011 7€l JHAEE o] ZEAEE A Wig M HolH=E
e = st A FA9 29 54 A<d(burglaries) oyt 2k A

2o AR} A A FA9 Al — BTk hot spots)lD) — & o =3=
1 Z = J3(PredPol: Predictive Policing)12) 755 F2 0= it o] ZE 50| 9
3 e AE AdS EF 0 F wjishke A — AT W] 4% da ARt A
S AT viAIshs 5 — ol 7FsEiAY] wiEell dlih Mk A<l Z|jke] ool
7Fssittar dth1d) B2 1 o|Ho|x= HAAE(CompStat)dd 78 W= FZH(crime

11) gk23k(hot spots, HETHEA|O))S 43811 o]& W3]} 138 (mapping)dh= 719 olth A2 H=
A HlolHE ZAE M f13o] 2 Aoy AYs dSdhe o= Axle ZE A9 #2
SHAl BE3HA] 1 AE A - A Hof| HARITH= ARl 7|23k HH g FolA 7P
WL AR (grid) & HE DA {5l we) Moz FRIlY BAISHE Zloth

12) 20118 HFHEr =2 Ea)(George Mohler) 257} Akt EM(Expectation Maximization)< o]
|3 HFSUTEF S VR g HHS AZEA A ‘PredPol' > wl=r AA 6071 o]/
Ao =YhACE o)]Ze AWy, ‘THEEO| R ‘#AF a4 TR Al V1A 8AR o)F
A= HZ) gl 23 48kd Moz AElsl R=Ael| MF WA o= AAS 1501
B Apgol] Ze|d BAS O BAE AAE A" Algtel 3oz HxE x|k

13) AR R 23 M3 oF 7T Utk oA dF WAe A - ARZ R FAo
g ME e} sk BASTHE TP 7| 2ete] HEAAS ol Sete olth 3 HE g
AE HkE T @4 & dxE IS de B4 - AN AaE O TEE 4e 7sAel wu
I AZE] gitk Yoyt FA FallE YA LUTEE sk B HHe 187 FAREE
&40l YR AR I35 917] Ak SARHETE)] ERlo) 93] HE] odSlA XN
3 E4o] FEsizh HEZE AelzYols | EdEolAs 20049 RE 2dz Hx FERYEE
A 2 341 ol Taf Aaoll4] 200H]E] W] WfjellA 1007 oXde] FEAYAET} B ST
ol2d TANEI = B IVt A YA HASHL e T o BT By SRIEI ok
Yol 23] A} Singular Perturbations oAt =8t F7HA R ASATAIE AUAdAFA 7}
A€} npu|(FEHEE) TARE $HH HErE BAsiE O el W dAEy] gokes HE Al
Aol el 7|&xste] HMAYALEE AL EATALUE A (b)=g(t-tD)+g(t-t2)+A0), FaL
2 1, xollA ©¢] AIZE - AHTE HIRA FORMIEBL, JLIEA—7> T— X & w7288 7 =
)AL E AT ADBEE, R2lERZ 7> FT—7, #al@iitSingular Perturbations 2018. 2. 28
).

14) FTEAIZFZ W3 YA E
ko). AXEL A3}

+d
3

yul

B2Hor 3= AR 28O 2 Comparison Statistics(Bla EA))<]
3 ZAe] M3 AR 3-8 B A A, A4 <1 )



o

I

2[otef SIYH =9 77

tracking) Al2~El& EAslaL l A3l BE3E AAZ The] el o)) o] o] kAN 4
EfAF2 e T2 IM(AZES o) HEVE YT wnitt Hlo|eV} S4E 2=
A Y&o] o= A - AFET] wZol 5o AUETt FHEGOE BlefHoE =
ofFthal ks AA| o] RIS =Y 20119 7EH Ad TYES vwstA BEA
A A 271%(703014 517) A= 7HATiaL k16 E=3F HrE dargls Aol 9
I 17ke] 3oy e gE 7] o dk2gto] YRl Tzlo] A W<l AlEu i
3 de g olojz= A9t Brh

1 9ol M7} sk ARS|A migt 5 3pA o] WMF ARTolur A o]fje] 9AE 11
Hoh= AE SASE A, wARA F 227k E AEE o]ERE HEAHENRTV,
Risk Terrain Modeling)1M18)o| 4 D #A EHEARY, @ HZ ArHAE = Az 29
FAA, Q@ F8 AEEe}e] A, @ 32 T 94 31, @ JgTd 4 32 9K
AE 55 o]&stal Jth9) o2l PRI E <l FEH P APH Hqe A =
Ackar g0

TS FEA AEL nfo]I2 AT EAS} FHst] ‘PHAAA2E(Domain Awareness

ofr

A, @3 $& 2X9 Gt & EHOE & F vk A2E B9l wet AFEE o] &3 HE
A —r’“ol o] Fojz| 1, o]F ;A A= Fultt WA= HEH TS| oA AEE o] &
A7, 9 Hix R AF ARE Wrisled 8% 988 dthPaul E. O'Connell, Using
Performance Data for Accountability: The New York City Police Department’s CompStat Model
of Police Management, The Business of Government, 2001; ¥¥3- - 24 3742 o] A2
=949 I A - wEAEY A2B(Compstat) AlZAT} B48 FAHOE Shargtali A g3 n
Ad0E, =3t Aeks], 2010 F=).

15) hot spot2Z AAFE HAE F4Fo] Al oF 1500H APge] AWFo 2 A=2dol| BAET
WA 15702] spotse] ZzTA AAE L, AETL YelA g I YAE AT = Ut} Zach
Friend, Predictive Policing: Using Technology to Reduce Crime, FBI Law Enforcement Bulletin
(Apr. 9, 2013),
https://leb.fhi.gov/articles/featured—articles/predictive—policing—using—technology—-to-reduce—crime.

16) Jennifer Bachner, Predictive Policing: Predictive Policing: Preventing Crime with Data and
Analytics, Washington, DC: IBM Center for The Business of Government, 2013.
http://www.businessofgovernment.org/sites/default/files/Management %620Predictive%620Policing.pdf.

17) Leslie W. Kennedy et al., Risk Clusters, Hotspots, and Spatial Intelligence: Risk Terrain Modeling
as an Algorithm for Police Resource Allocation Strategies, 27 ] Quantitative Criminology 339,
342-343 (2011).

18) APHEAL2 A7) P e AH Zxdo] FEFE A+ A& AEste I 9T #Ho
Al JRle] gEe dES F= AYH BEAEAA, FF Wd, 78 52 ol JAFEATH
SAGER T4, A% -, ABAS Bl AR o R SAHo Y 22 e AEH B4
< A9 1A §har HER7) AR AARRE A 9 AHRANINES o R EX4EE 23
HREa s E A2 7 WPHS 22]3kt) Walter L. Perry et al, Predicting Policing: The Role of Crime
Forecasting in Law Enforcement Operations, NIJ, 2013, at 19.

19) Joh, supra note 10, at 46.

20) Jeffrey S. Paul and Thomas M. Joiner, Integration of Centralized Intelligence with Geographic
Information Systems, Geography and Public Safety, Oct. 2011, at 7.
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System, DAS)2D-& 7itste] ARgsiaL ik o] & ESol= “Aluell Ax1d <F 3,0007)
o] A ZhEt, 20070 o) de) WMad ASAAEA], 200070 ool BARIAIA, o] B
T3 dlolEro] 29} 22 tE WX FEE A 77 - A2 - B4sk] AU FAA
1 (potential threats)' & 'TZHS=T 1 o] g]It}22) o] Azl FPEAR] HH BHoRs
&7] ol WHORE A - 23 - A4l #aAde WS skl ol2’t AR o] 4
ARE AEE F AEF S ZﬂO]EP.%) TFEA AEE o] £2ZEH oS o]8ste] 2013 11
ol MY wEvieE - 28l 4¢ Hx"npekE F EiPe] 220 | — o HA 1t
= AN < SR

2. 712! of

I

x|t

HIg ¢k SFRE olfE FPie o888 No Fly List?d sigate] 74
(identification)©] #YaXITt. o] Z2E A4 - FH| TAA HlolE] mlo]id(data mining)©]
o] FoA A= ErEHA GAINE o] Hilo gk vl R HEE ARkt Absa
=34 (automates prediction processes)O] HEENS Aoz AZHY ‘No Fly List &
2pel= thEX| nj= ZFEQFR . (Department of Homeland Security, DHS)&= 24| =+
ol #ete] dlolE] mloldol] 7|&xshs oS RAYS o]&stal QIth0) FEQIRF
gk dlojg] mlold BRae tiQld] EA38)E Al2~El(Automates Targeting System-Persons,
ATS-P) ®&9 tiste] Agstar o, =7 AR PSS dSsr] fsted AR7}

A 7 EtE U ES Zslste] Ba3gt 99 FAs 7,000 7000 Sl AF
fr & %‘?3/\]%9] W FhEg Ak B2 JEl GdelA EEE 4 s BA-o] Th
Mg 7152 & = AIRE oA H2 A2E 42 AETE BEAE F IESE AAEIHE ZE
Al ZiHEtel| A dlEslE @RS WRYE ¢ uia ittt B2y A Ao e Hs el
ARoA B gy 92 ARE IRIG 7 o, AFARANARE FA FL Tl 2AH A
o] 7Fssithar gt} 3 oA ZAIZIHERY XX Bl Tlste] Adut]ojol| A WEE AlAL
3= Fant B4 HERuolE e} 22 theks AR7kA] Foket] O FARE W z%‘- o= ER3)
o] HHAARANE](Real Time Center, RTCC) shHol| wkgste] #e|d 4 vk =3 HIHBAE
AE FYUAA2EE ARESt] B0 AR B 22 HE FAR AR O] WAE 714 o]
A Aol Aol SZAE 3= 5 et Ao g HAE d&5ska Jth

22) Joh, supra note 10, at 48-49.

23) Id. at 49.

24) Michael Schwirtz, After Boston Bombings, New York Police Plan Tight Security at Marathon, N.
Y. Times (Nov. 1, 2013), https://www.nytimes.com/2013/11/02/sports/video-surveillance-to-be-a—
key—component-of-marathon—security.html.

25) HIHB2E 5 T8 ¥ Az g37] o8& AFsr] st vl= ZH7) s g RER
U FIAE 0] XﬂEE 2017%3 Bl =945t Aldstal ok Selvels F3EQPH A23z A7e
oA & 78 ¢ Qe 2AE vk otk

26) Tal Z. Zarsky, Transparent Predictions, 2013 U. IIl. L. Rev. 1503, 1515 (2013).
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B3 o] S/ HolEuo]l2rt E4EH 1 the AS BoErk2D

3% AR} dEsA 5 7g A2 AlFkal 72K Chicago Police Department, CPD)
o] 93t ‘W] A2 1 (Custom Notification Program)’©]th. o37]|x= thekslt 743 %
Hlo]Ej28) — A BAFH(Freedom of Information Act, FOIA)® 93+ AR-Z/NA 7} v 2]
= AREEE HlolEY] ARG WEE LA A BT — =HE FEP9xte} 1))
A2 dSse daEss /st I 8-S B olEd AE AR At g
E — ‘heat listg}al $20 — 7} ZAHT k30 HZL heat listol] 22 3+ AL g
AFRE A EEAE Bl A= drhsta, Al HFe &5 ¥ o o' Ayt
2Tk sk, o)9f 3 1 Aol W = Q= ARSI MHIA(RYEH, Y F5
)5 A TARGEID A7RAL A o]#dt ol ofa WH7} AA|H I ATkl s,
AAZ 608l gk T WA el oal IE0] AR TR &5 tiA] &a ok
a1 332 o]t gyt FAkE= whHoll “heat lists WF H(pre-crime) B3-S dA
Sleh= APEA =77 RS Itk A FHF Sl AFE o] gle AbEe] g
Eof AAE, 2 3] A AEe ES I A9E Jor, g2Ed AR v
o] AR A= AR AAO] st FS55He =Rtk A AGTE3Y o3k oS
Qe FAA ZHol| theto= Usoll AESP|E i

ob2] A3 dAo|A|RE ofn] B AETF A 7exp EARle] A FxE HEA
5 A% ALER 4T F JE AZEOIE /Al itk o], WOk sA
H(background check)E HF W80 =2 sh= <lEg]-¢-~(Intelius) A= 3IAF EA-3 Wil
gk HlolE — FHF - AWE Y, aFedt Y, A, & - 258 229 /5 5 —
o 7|x3t F7F FHE HIEAE Feld HE(reasonable accuracy) & 7|22 2743}
© €ugEs Mot Sk o] 2 Ie ASHQ1 AR stellAe 1980 o)%

_—

27) Id.

28) oo, Al s|AARe] A)Qlo] Ajle] AFHE JhsAdo] 9z A 22 HolH: E3Hdrh
Kristal Hawkins, Heat list brings Minority Report-style police attention for likely offenders,
Chicago Crime Library (Feb. 24, 2014), http.//www.crimelibrary.com/blog/2014/02/24/heat-list-
brings—-minority-report-style-police-attention—for-likely—offenders—in—chicago/index.html.

29) Aaron Rieke, David Robinson, and Harlan Yu, Civil Rights, Big Data, and Our Algorithmic
Future (Upturn 2014), https://centerformediajustice.org/wp-content/uploads/2014/10/Civil-Rights_
Big—Data_Our-Future.pdf.

30) Jeremy Gorner, Chicago police use 'heat list’ as strategy to prevent violence, Chicago Tribune
reporter(Aug. 21, 2013), https://www.chicagotribune.com/news/ct-xpm-2013-08-21-ct-met-heat
-1list-20130821 -story.html. 2014d R = A-oll= 4009 o]do] 2B AlAE Z o2 Yehdth

31) Rieke, supra note 24, at 18. A7} AZL ‘AT ROE A3 A HI A TX T AS 7F=ste] ‘He)
aAzZRgHolgt BREE ZoE AztHEnh

32) Id.

33) Hawkins, supra note 19.

34) Id.
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= 5 A3 545 2, 22202 vl
A= 25 AT FE30) m=I AFFQ AR ShollA= 37,3429 0] FHEHAE H S
AT Aol tiste] 2% 83 vlsHAA = 15290 23tk k3D QIEl g 2AR=
olglgt ¢l d(false positive)©] E1EH Z&ol| o3t AA| AR 7FsA- WG Erhar &
th &8 A 54 oS A¢ke] A2 AREEAY] wAlle AEvht 71eAke] do) of
Uzt M| dolgta & 4 Utk
7 Qo= sdHolUoltygteA FAIS - MESHS 7tEAE 2HE WA (Richard A
Berk) e 7R S0 A7t ARl BAS=AIE dSshs AZES NS Tk
qhE38) W Ao o3k 65F B o] TlolElE o] 8dte] AT o] AZES ol T
H 9o ARl #AAE 5% o] FER ST 4 drha R wWEHE FolA=
W3] Y slol| obs SNE sh= 71E5S dS3he T2 e /N Folgkal gk

. &S Z¢te] dwd A4

opgel Al mIze] el )7 W HlolE] olgs} wlolE] ploge] HaE dwmgick o
SellAl o2 WA WolH LFAk o) A B HlolEl L} ‘HlolE] plolig's} 2
& gol7l ofml ofn|& ANEA Yol 1 T W) — Aol T A FolA
of| HIIE BAR Holok vt — & B Tk

35) Jordan Robertson, How Big Data Could Help Identify the Next Felon — Or Blame the Wrong
Guy, Bloomberg (Aug. 15, 2013), https://www.bloomberg.comy/news/2013-08-14/how-big—data-
could-help-identify-the—next-felon-or-blame-the-wrong-guy.html.

36) Id.

37) 1d.

38) Richard A. Berk et al., Forecasting murder within a population of probationers and parolees: a
high stakes application of statistical learning, Journal of the Royal, Statistical Society (Series A),
172 (2009), http://citeseerx.ist.psu.edu/viewdoc/download?doi=10.1.1.391.9120&rep=repl &type=pdf.

39) BIEZ wlolo] AMA- A2 F7]o] AF / o]AA &4, ¥ HolErt RIEw A, FolA Y 214
7152, 2013, 2959, )AL v 2 F g Al WY LFee YHlolth

40) LS 1) dolEE BESNA ShE FeAL BEJ} DR o5 AL He & e e
CRERRAUA L & MIPARE AHHO2 A - $EHD YL o FARAUN Y & obe
o] A71AY Au, fol AR - APHE A4 AR, 4 712 5 ¥ HolHE o} BAsiaL
9 +% olgel 99 WAL WAHE KT BL o502 P4 4 HUECE A FATE
AosElolth BAE We §U% FRAL AT oksel A A MRS FFBAS AU, B
NIt BRT A4S SUXBE § AR 2 28713 oFEStv} oAl A5
s Bl AT, YA, 2018, 3 18 o A 75 hge] Batel A+ 9|, Welo]
BE HEI colFYRAYN LY FEYS 7 ZAT, BANAR - GTRANGATE
2019 ofsf =
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=) 221 Hlolgjr|o] 2| 2Eo] 7}
g5gs =93 H]O]ET’“Z)Ur “e 5—7——‘?—, %%‘7} R QIEARl M Aog %
o] &I AR S 9% B&Ho|a FAIHQ ARAY Ves B/E = H]OIEV‘B)
gl Aot ot delle 7ed -l AEH S 7}‘3]?_ Ae]7 }v-fo*}ﬂ]

ot S 22 RAAE sid
U 71 A2l oJaf A, 24 2 2 = glo ]E1”44>a}t 754
ojth. I1zlo] F= AR A S-S ARk HlolH 9] &F Sl Hst] A7IA A&
T e TF WA FE - A5 AFA Yu)E aEshs et WHol B e Aotk

202 folE mlold(date mining)< & ItE d|o|E(date)E A= (mining)dk= A
< YA Zeth 71EFo 2= HolHAA A4S AEskE A(knowledge mining
from data)®-& 2Jv]sl7] wEe] HloJE] ulo]de HH$ A (misnomer)©] ofgl= A
= ATHAE) ORE A7|A= I FHA4 Wt dlolE ulojdolgls &olE AMESta, 1
om|E 19} o] tloJEo|A A2lE Fohfls Z o= ofafgit

tlolE] mloide] Aojolli= o] 7EA7} Atk “HIolEE AEsiA T ApsiA| 5‘]*‘:
Zranolgl= 3)8slet A= AR “HlolH & ol v HH v ES AAES
3] shar, A 7

5ot she RS FE] st SAIEE Tr:@yo]‘/]'
ndgy 2 dolEuHol~ YiEd VwE AEshe ABolgle Hl=m IAIEAR
(Government Accountability Office, GAO)2] Aoy “igt dlolE M E(data set) <ol
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